378 43 o B F 2% 5 i B R Vol. 37 No. 3
2020 £ 3 H MICROELECTRONICS & COMPUTER March 2020

S| A& B O AL, R, BE T ST REAE S AR B2 S ML o s s A L) . B 22 53R, 2020, 37(3) £ 37-41.
[LUO Q,BAO Y P, YU Q. Voice activity detection based on improved speech features and extreme learning machine[ J |. Mi-

croelectronics & Computer,2020,37(3) :37-41. ]

E T iE EHIES R EFE I AIE S ik 2t il

¥ R.ATHE.a R
(HRCTALR: BB SHRR VIR f5E 211816)

W E. EF3% 5 AN (Voice Activity Detection, VAD) , R {6 A A F E T EEWM T HANET R EFLE. 2B W
VADHB THREEFT AN E I E,  fliniz 5% EARN B E% A TRIRESLTET AR
B RE FEDL B R T — AT 08 AR AE— 1R 2 ik & (Low Frequency De-noising Energy, LFDE) , 5 3 57
AT VAD %, 3t #| F| LFDE 5 JLA thy 7 5 55 4F (il /RO 2 (8] 3% 5 30 4R 04 01 ) 45 6 ) A1 IR % 3] #lL (Extreme
Learning Machine, ELM) 4k 2. (7 E 28 R I 3 A M E S A AR .

KR (RN R 8 B AR BIE A 8 IR 3 IR # AL

hESES . TNII2 XEARIRAE . A XEHS: 1000—7180(2020)03—0037—05

Voice activity detection based on improved speech features
and extreme learning machine

LUO Qing,BAO Ya-ping, YU Qiang
(Department of Computer Science and Technology, Nanjing Tech University, Nanjing 211816, China)

Abstract: Voice Activity Detection (VAD) refers to the determination of the existence of speech in a given speech
signal frame. Robust VAD helps to improve the automation efficiency of speech applications, such as speech
enhancement, speaker recognition, and hearing aids and so on. In order to improve the accuracy and efficiency of
voice activity detection under low SNR, a new speech feature—ILow Frequency De-noising Energy (LFDE) is
proposed, which is applied to VAD and utilizes LFDE and existing acoustic features (Mel frequency cepstrum
parameters, formants Frequency) combined with the Extreme Learning Machine (ELM) classifier. Simulation
experiments show that the accuracy and efficiency of voice activity detection are improved.
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